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3.1 EfiARiE

3.1.1
SHRNAILEEE distributed artificial intelligence
NTRRERGEIIA — A5 20, Hh B 5 48 78 — 41 DURE 2 #0045 0 A B % 3 1 19 i 2 ) 4% 8
FAb B, LLSE BN T8 B4 55 .
L WS IN A RO R R TR R TE S5 R T S5 A
3.1.2
ANTIEEe artificial intelligence; Al
CERD TR BE R 58 (3. 1.8) Al AL AN 9 BIF 5 FIOT 2%
3.1.3
AILEEEARESEEE artificial intelligence server
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3.1.4
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3.1.5
NI EeemiEAIESE artificial intelligence accelerating processor
ANIEEMERF artificial intelligence accelerating chip
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3.1.6
ANIEeEMEMEL artificial intelligence accelerating module
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3.1.7
AIE8IZEE artificial intelligence portfolio
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3.1.8
ANIEH#ZEYS artificial intelligence system
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3.1.9
S#33% 5t heterogeneous resource pool
— AR R 284 AT 92 307 a9 N TR AR TS IR ZH Uk Ok L 1 B R il R AN TRl AR SR B e —
P AR
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3.2.1

T ET M4 Bayesian network
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3.2.2

FUEYLEFF ]  semi-supervised machine learning
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3.2.3

MK 2 HE  test data

EMEE  evaluation data

FH T VE Al e Z WL 4 27 > B R AR 19 508l

i I REOE SN B e s e A
3.2.4

KERZIZM4 long short-term memory network ; LSTM network
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3.2.5

&R iteration
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FE A GUD 0 i 3% A S5 T %0 b IR AS Y LR
[ . 1SO/1EC 2382:2015,2121826 . 4 &4 ]
3.2.6
SR classification model
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3.2.7
T#lE  overfitting
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3.2.8
E /3458  regression model
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3.2.9
[E]U34> 47 regression analysis
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3.2.10
HE8% 3] machine learning
T BRI AR S H00 1 AR AL 4T Ay B e R B2 5
3.2.11
HLBEFSI4#EE  machine learning model
— e T A BRI A B A R B TR A A A
TG AR A AR AR (v =0, + 0, ) Z PR NE YIS W45 AR y=34-Tx,
. — N HLER A AL R I F AL 2 I R R 2 2R
3.2.12
#EEZF &% machine learning algorithm
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3.2.13
LHFHMZ ML convolutional neural network ; CNN
RELERMMEZRML deep convolutional neural network ; DCNN
— AT 4 TE D — Bl TSR
3.2.14
ZEHEIE connection weight
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3.2.15
EX#BHL28F>] federated machine learning
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3.2.16
ZIEHIE  logical inference
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3.2.17
#3(i2 %)  pattern recognition
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3.2.18
A% model training
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3.2.19
BRI  model optimization
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3.2.20
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3.2.22
X #l4&  underfitting
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3.2.23
E# %3] transfer learning
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3.2.24
IR AMLE feed forward neural network ; FFNN
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3.2.25
58{L %] reinforcement learning; RL
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3.2.26
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3.2.27

%3] deep learning
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3.2.29
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#IE  inference
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f%if fine-tuning
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S G i BN ZRBoR
FE W T v LA )
3.2.32
TR EHEEFS] unsupervised machine learning
A T A T B0 S DI 2R B LA = >
3.2.33
TEIRMEZ ML recurrent neural network ; RNN
— A 8 0O £, JH o i — J2 R — Ak B D R A R A 26 B Y TS
3.2.34
2% E training data
FHT UGl # 2 > B i A B e AR 14
3.2.35
IS #(#E validation data
F & EHE development data
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3.2.36
e /RA[ K4 E  hidden Markov model; HMM
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3.2.37
B EHIEFES supervised machine learning
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3.3 XBIHBABRARIE

3.3.1
AL lexeme
W E S — 4 B R O IR O OCHR i R T,
[EiE . 1SO 24613-1:2019,3.5]
3.3.2
WMEARIE  part-of-speech tagging
R Al B 1) P 8 35 R o A e 28 0 Can sl ie) L 44 1) T 251D AT 55 .
3.3.3
JTiEEHE  dialog management
R FH P i A SR 3E Dy s ALt B R SRR FE XTI T RS M 0 N — 2D A, DL B B H bR
% .
3.3.4
* ZHhEY relationship extraction
U SCAS Hh 35 3] 1 SR 22 (8] G R AT 55
3.3.5
StZ=&iH 5] optical character recognition; OCR
FEFT T B B8 T 5 SCAS (1 P15 e At L 2 Gt B SCAR
3.3.6
#122EiF¥ machine translation; MT
il LR o SR B 5 N —Fh A RIEF ASh B 5 — R ARTE S .
[ . 1SO 17100:2015,2.2.2]
3.3.7
& LKA 5] named entity recognition; NER
T A 1 SCAS B33 2 3 b B3] 410 1) S AR R 48 Bk 44 R B 2 A A 55
FE OV SRR OCTE Y RS R B R ) A O
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3.3.8
148 5] emotion recognition
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3.3.9

[B]% question answering

e DL SR8 S A 00 1) @ i 5 0 2 R AT 55

. AR RE RIS TR R RS A R
3.3.10

{£EE2#¥ZE information retrieval

AR OG5 7 Bl 1 AR A 1R AN 4R rP ARG 28ORH G SORY BROSTRY 3 AT 55«
3.3.11

EXITE semantic computing

B AR5 0 2 & ORI R F P D DAL 7T AL B8 X3k B AT T Gk .
3.3.12

{EWIEfE semantic comprehension

BRI AT 5 O3 SCAE B B Bl 55 3 50 R B9 5 5K 05 L 4 8RR B i IE 0 I B A R 1Y

[k .GB/T 36464.3—2018,3.6]
3.3.13

iEX M semantic network

— PP RN S Z A LR PR

(i :GB/T 23703.2—2010,4.10. 47 & ¥4 ]
3.3.14

BZ{#E automatic summarization

FE LR B BE AE B W 4 8 B AR E B N SO AR 55
3.3.15

H#AIESIEM natural language understanding; NLU

W DIRE L TC , N E AR AL B 2815 T SOARBR T BRI L O R 45 SO EE R
AR Bu
3.3.16

HAIES A natural language processing; NLP

(R4 T A RE T MM A RIE T AN E BB,
3.3.17

BHRIES £/ natural language generation; NLG

Pl AT SR B e el B AR TE S AT 55

3.4 Z&/REBHEXRIE

3.4.1

N fairness
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3.4.2

A{S# trustworthiness
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3.4.3
A fEFEE  explainability
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T S R B A O X TR R A R IR T AN 2 2 L S R T 1 A AR T T A
3.4.4
AEH reliability
CN T RE) SEE — SO A B AT I AR 45 R PR o
3.4.5
A[#=1  controllability
(N8 RGEWNKRBHAL SR T8+ AR
3.4.6
A @3 accountability
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3.4.7
AT predictability
CNTBRE D W A2 A1) £ AH O T € T I £12 3 a1 A0 v g B s g P o
3.4.8
£ ethics
CNTEZ 8D TF R N T R AR L il AIF 5 R0 W, P S92 3 I 328078 174 0 728 R0 Y0 = ofle )
3.4.9
Z% M robustness
(N8 RGAEATATE B0 # PR 47 HAE REAK P AR
3.4.10
H I Dbias
CN T B8 AT A5 360 X AR 2 X 52 L N 5 sl A B R A T JF Al S04 o 0 3R e vk 22 0 9 R v
s X AT A —Fh AT Bl A5 BN UL SR AE TR B E
3.4.11
FIME  resilience
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3.4.12
EBM  transparency
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